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01   What AI computing chip needs
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PULP-Platform: MemPool Family Roadmap

MinPool
2021 / 16 cores / DSP

HeartStream
2024 / 64 cores / AI 5G-PHY

MemPool
Since 2021 / 256 cores

TeraPool
Since 2023 / 1024 cores 2026 / 4+xTeraPool / AI inference

02   TERAMONSTER DESIGN

One efficient chip.
Working on your AI model.
A large heterogeneous cluster for sustained AI inference.

38K Token/s
65ms TTFT Latency

03 Beyond 2D scaling
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AI models: bigger + heterogeneous
More weights, larger activations, longer context
Matrix, non-linear, recurrent & control computing

Scalable, Low-latency NoC

Tera

Ctrl

Tensor Vector

Shared L1 Memory

Large Shared-Memory
Scalable Network-on-Chip
Heterogeneous AI engines

32×32  Mesh Groups
16384  RISC-V Cores
4096    Tensor Engines
1GiB Shared L1-Mem

Up to

Leading performance and efficiency

Vertical
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Vertical Links

Dedicated 
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Ultra-dense cross-tier links 
via hybrid-bonding / TSVs

Compute Tier
(Many Core)

Interconnect Tier

Compute Tier

Stack compute units efficiently

Physically separate for high 
complex network topologies
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From Concept to Physical Evidence:
The same compute architecture, 
optimized through 3D physical integration.

-16%
Total Die Area

+32%
Frequency

More Compute. 
Efficient Scaling!

(Two-tier 3D-TeraPool folding by low diameter interconnect vs. 2D-TeraPool)


